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Appendix – A 

Attribute Selection 

 

Figure A:  1  Information Gain Attribute Evaluation 
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Figure A:  2 Attribute Selection 
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Appendix - B 

Backend Data Module Implementation 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Appendix B:  1 Entity Framework Model Browser 
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Appendix B:  2 Back-End Database Diagram 
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Appendix - C 

Model Evaluation Summary  

 

Appendix C: 1 Naive Bayes Model Creation Summary 

 

Appendix C: 2 Decision Tree Model Creation Summary 
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Appendix C: 3 AdaBoost Model Creation Summary 

 

 

Appendix C: 4 RandomForest Model Creation Summary 
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Appendix C: 5 Bagging Model Creation Summary 
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Appendix - D 

CRIC-Win Predictor Tool Test Result 

 

Appendix D:  1 SL vs India Match Outcome  

 

Appendix D:  2 1st Inning 4th Wicket Partnership 

 

Appendix D:  3 1st Inning 6th Wicket Partnership 
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Appendix D:  4 1st Inning Last Wicket Partnership 

 

 

Appendix D:  5 2nd Inning 3rd Wicket Partnership 
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Appendix - E 

Code Snippet 

static void Main(string[] args) 

        { 

            Entities db = new Entities(); 

            List<SlPartnership> lstSlMatch2017 = new List<SlPartnership>(); 

            HtmlWeb hw = new HtmlWeb(); 

            HtmlDocument hDoc = 

hw.Load(@"http://stats.espncricinfo.com/ci/engine/stats/index.html?class=2;home_or_away=

1;host=8;result=1;result=2;spanmin1=14+Jan+2008;spanval1=span;team=8;template=results;

type=allround;view=results"); 

            HtmlNodeCollection rows = 

hDoc.DocumentNode.SelectNodes("//*[@id=\"ciHomeContentlhs\"]/div[3]/table[3]/tbody/tr"

); 

            for (int i = 1; i <= rows.Count; i++) 

            { 

                HtmlNodeCollection columns = 

hDoc.DocumentNode.SelectNodes(string.Format("//*[@id=\"ciHomeContentlhs\"]/div[3]/tab

le[3]/tbody/tr" + "[" + "{0}" + "]" + " /td", i)); 

 

                SlPartnership obj = new SlPartnership 

                { 

                    Partners = columns[0].InnerText, 

                    WktsNo = columns[1].InnerText, 

                    Runs = columns[2].InnerText, 

                    Overs = columns[3].InnerText, 

                    Runrate = columns[4].InnerText, 

                    InWicket = columns[3].InnerText, 

                    OutWicket = columns[4].InnerText, 

                    FirstOrSecndInning = columns[5].InnerText, 

                    Opposition = columns[7].InnerText, 

                    Ground = columns[8].InnerText, 

                    MatchStart = columns[9].InnerText, 

                    IsDayMatch = false, 

                    IsWinMatch = false, 

                    IsWonToss = false 

 

                }; 

                //lstSlMatch2017.Add(obj); 

 

 

            } 

 

           db.SlPartnership.AddRange(lstSlMatch2017); 

           db.SaveChanges(); 

 

        } 

Appendix E: 1 Web Cricket Data Scraping 
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HomeServices objHomeServices; 

        public ActionResult Home() 

        { 

            ViewBag.slPlayerGrid = BGrid.CreateBGrid<SlPlayersView>("slPlayerGrid", 

GetFirstApprovalPendingGridModel(), new List<SlPlayersView>(), new GridOptions() { 

EditOption = false, EditFunctionName = "edit" }); 

            ViewBag.OppPlayerGrid = BGrid.CreateBGrid<SlPlayersView>("OppPlayerGrid", 

GetFirstApprovalPendingGridModel(), new List<SlPlayersView>(), new GridOptions() { 

EditOption = false, EditFunctionName = "edit" }); 

            return View(); 

        } 

 

        public JsonResult GetTeams(bool isOverall) 

        { 

            objHomeServices = new HomeServices(); 

            var reslt = objHomeServices.GetTeamData(isOverall); 

            return Json(reslt, JsonRequestBehavior.AllowGet); 

        } 

 

        public JsonResult getOpponentPlayers(bool isOverall,int TeamID) 

        { 

            objHomeServices = new HomeServices(); 

            var reslt = objHomeServices.GetOpponentAllPlayers(isOverall,TeamID); 

            return Json(reslt, JsonRequestBehavior.AllowGet); 

        } 

 

 

        public JsonResult GetGronds(bool isOverall) 

        { 

            objHomeServices = new HomeServices(); 

            var reslt = objHomeServices.GetGrounds(isOverall); 

            return Json(reslt, JsonRequestBehavior.AllowGet); 

        } 

 

        public JsonResult GetGroundAssociations(string GroundID) 

        { 

            objHomeServices = new HomeServices(); 

            var reslt = objHomeServices.GetGroundAssocations(GroundID); 

            return Json(reslt, JsonRequestBehavior.AllowGet); 

        } 

 

        public JsonResult GetOppositionBawlingAssociations(string TeamID) 

        { 

            objHomeServices = new HomeServices(); 

            var reslt = objHomeServices.GetOppositionBawlingAssociations(TeamID); 

            return Json(reslt, JsonRequestBehavior.AllowGet); 

        } 

Appendix E: 2 Fetch Data from Backend Module 
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public WinLostCountView GetGroundWiseBattingSecns(int groundID) 

        { 

            try 

            { 

                db = new dbCricDataEntities(); 

                List<spGetWinLostDataAccordingToGround_Result> lst = 

db.spGetWinLostDataAccordingToGround(groundID).ToList(); 

                WinLostCountView objWinlossView = new WinLostCountView(); 

                foreach (var item in lst) 

                { 

                    if (item.Result == "Won") 

                    { 

                        if (item.Count == 0) 

                        { 

                            objWinlossView.WinCount = 0; 

                        } 

                        else 

                        { 

                            objWinlossView.WinCount = Convert.ToInt16(item.Count); 

                        } 

 

                    } 

                    else if (item.Result == "Lost") 

                    { 

                        if (item.Count == 0) 

                        { 

                            objWinlossView.LossCount = 0; 

                        } 

                        else 

                        { 

                            objWinlossView.LossCount = Convert.ToInt16(item.Count); 

                        } 

 

                    } 

 

                } 

                if (lst.Count == 0) 

                { 

                    objWinlossView.LossCount = 0; 

                    objWinlossView.LossCount = 0; 

                } 

                return objWinlossView; 

            } 

            catch (Exception) 

            { 

 

                throw new Exception("Run Time Error Occured"); 

            } 

        } 

Appendix E: 3 Backend Service Module code Snippet 
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package OdiPredict; 

 

import javax.jws.WebService; 

import javax.jws.WebMethod; 

import javax.jws.WebParam; 

import weka.classifiers.Classifier; 

import weka.core.Instances; 

import weka.core.converters.ConverterUtils; 

 

/** 

 * 

 * @author Dinesh 

 */ 

@WebService(serviceName = "last2yearsOverall") 

public class last2yearsOverall { 

     

    @WebMethod(operationName = "NaiveBayersLasttwoYearsSlOverallMatchPredict") 

    public String NaiveBayersLasttwoYearsSlOverallMatchPredict(String modelFileSerialized, 

String testFileARFF)  

    throws Exception 

    { 

    // Deserialize the classifier. 

    Classifier classifier =  

        (Classifier) weka.core.SerializationHelper.read( 

            modelFileSerialized); 

 

    // Load the test instances. 

    Instances testInstances = ConverterUtils.DataSource.read(testFileARFF); 

 

    // Mark the last attribute in each instance as the true class. 

    testInstances.setClassIndex(testInstances.numAttributes()-1); 

 

    int numTestInstances = testInstances.numInstances(); 

//    System.out.printf("There are %d test instances\n", numTestInstances); 

 

    //Loop over each test instance. 

    String reslt = ""; 

    for (int i = 0; i < numTestInstances; i++) 

    { 

        // Get the true class label from the instance's own classIndex. 

        String trueClassLabel =  

            testInstances.instance(i).toString(testInstances.classIndex()); 

 

        // Make the prediction here. 

        double predictionIndex =  

            classifier.classifyInstance(testInstances.instance(i));  

 

        // Get the predicted class label from the predictionIndex. 

        String predictedClassLabel = 

            testInstances.classAttribute().value((int) predictionIndex); 

 

        // Get the prediction probability distribution. 

        double[] predictionDistribution =  

            classifier.distributionForInstance(testInstances.instance(i)); 
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       reslt +=  "ID:"+Integer.toString(i) +","+"Prediction:"+predictedClassLabel.toString()+",";  

//System.out.println(i+ trueClassLabel.toString()+ predictedClassLabel.toString()); 

        // Print out the true label, predicted label, and the distribution. 

//        System.out.printf("%5d: true=%-10s, predicted=%-10s, distribution=",  

//                          i, trueClassLabel, predictedClassLabel);  

         

 

        // Loop over all the prediction labels in the distribution. 

        for (int predictionDistributionIndex = 0;  

             predictionDistributionIndex < predictionDistribution.length;  

             predictionDistributionIndex++) 

        { 

            // Get this distribution index's class label. 

            String predictionDistributionIndexAsClassLabel =  

                testInstances.classAttribute().value( 

                    predictionDistributionIndex); 

 

            // Get the probability. 

            double predictionProbability =  

                predictionDistribution[predictionDistributionIndex]; 

             

            reslt +="Probability 

"+predictionDistributionIndexAsClassLabel.toString()+":"+Double.toString(Math.round(pred

ictionProbability * 100D) / 100D)+" ,"; 

        } 

        reslt += "\n"; 

    } 

    return reslt; 

} 

} 

Appendix E: 4 Weka API Web Service Code Snippet 

 

 

 

 

 

 

 

 


